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1. Onuc HaBYAJILHOI ANCIHUILTIHA

HaiimenyBanHs
[MOKa3HUKIB

l'any3b 3HaHB,
CIICIaJbHICTh, OCBITHS
mporpama, piBeHb BHIIIOL
OCBITH

XapakTepucTUKa HABYAIbHOT
JTUCIUIUTIHA
(Oenna ¢hopma nagyamms)

KinbKicTh KpeauTiB —

4.5

I'any3b 3HAHD!
12 «Iadbopmarniiigi

KinbkicTe MOmyIiB — 2

TEXHOJIOTID

KijpKicTh 3MICTOBHX
MOJYJIIB — 2
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InuBinyanpHe -

(Ha3Ba)

CrneuiajbHIiCTD:
122 «Kowm’rorepHi
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3arajpHa KUIbKICTH
TOIWH:
nenna — 71°/135

(kon 1 HaiiMeHYBaHHS)
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KiapKicTh THKHEBUX
TOJMH JJIA J€HHO1
dbopmMu HaBUAHHS:
ayJIMTOpHUX — 4
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cryneHTa — 4.5
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VIIPABIIHHSI
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Jlekuii *

32 roauH

IpakTu4ni, ceMinapebKi™

JlaGopaTopmui *

32 roauHu

CamocriitHa podora

71 roguna

Buja KoHTpPOJIIO

MOZYJIbBHUN KOHTPOJIb,
ICITUT

CriBBITHOIICHHS KIJTLKOCTI TOJIMH ayAUTOPHUX 3aHATH O CAMOCTIMHOI poOOTH

cTaHoBUTh — 71/135.

* AyIMTOpHE HAaBAHTAKEHHS MOXE OYTH 3MeHIIEHE a0o0 30iIbIIEHE Ha OIHY
TOJIMHY B 3aJICKHOCTI BiJI PO3KJIAy 3aHSTh.




2. MeTa Ta 3aBJaHHSA HABYAJLHOI JMCIUILIIHYA

Meta BuBYeHHs1 — (HOPMYBAHHS TEOPETUUYHHUX 3HAHb Ta MPAKTUYHUX HABUYOK
I0JI0 CY4YaCHHUX METOJIIB 1 TEXHOJIOTIA 1HTEeJEKTyasi3alii Mporecy NPUUHITTSI
pIllIEHb Y CKJIAJHUX CHCTEMaX, 3 BUKOPUCTAHHAM METOIB Ta 3ac00iB IITYYHOTO
1HTEJIEKTY Ta MAIIMHHOTO HAaBYaHHSI.

3aBaaHHs — HAOYTTS BMIHb T4 HABUYOK PO3B’sA3aHHS 3a7a4 3 BUKOPUCTAHHSIM
METO/IB Ta 3ac00iB MAIlMHHOTO HABYaHHS 1 CTBOPEHHS IHTEJIEKTYalbHUX CHCTEM
MITYYHOTO 1HTENEKTY AJISl IPUUHATTS PIIICHB Y PI3HUX MPEAMETHUX Taly3sx.

KomnereHTHOCTI, sIKi HA0yBaOThCH:

- 3arajbHi:

3K1. 3gaTHIiCTh A0 aOCTPAKTHOTO MUCJICHHS, aHAJI3y Ta CHHTE3Y.

3K3. 3HaHHsA Ta poO3yMiHHS MpeAMETHOI 00JacTi Ta PO3yMiHHA TpodeciitHOT
TISITBHOCTI.

3K4. 3naTHICT CHIKYBATUCS JEPKaBHOI MOBOIO SIK YCHO, TaK 1 MUCHMOBO.

3KS. 3paTHICT CHIIKYBAaTUCS 1HO3EMHOIO MOBOIO.

3K6. 31aTHICTS BUUTHUCS 1 OBOJIO/IIBATH CyYaCHUMU 3HAHHIMU.

3K7. 3pmatHicTh 0 TOIIYKYy, OOpOOJICHHS Ta aHamidy iHdopmalii 3 pi3HUX
TDKepen.

3KS8. 31aTHICTh TeHEpYBaTH HOBI 1711 (KPEaTUBHICTB).

3K11. 3natHicTh npuiMaT OOTPYHTOBAH1 PIllICHHS.

- crierianbHi (paxoBsi):

CK3. 3paTHicTh A0 JIOTIYHOTO MHUCJEHHS, MOOYIOBU JIOTIYHHUX BHCHOBKIB,
BUKOPUCTAaHHA (opMaibHUX MOB 1 MOJEJEH aJrOpUTMIYHUX  OOYHCIIEHb,
MPOCKTYBAaHHS, pO3POOJIECHHS W aHaJi3y aJrOpUTMIB, OI[IHIOBAHHS iX €(pEKTUBHOCTI
Ta CKJIAIHOCTI, PO3B’SI3HOCTI Ta HEPO3B’SI3HOCTI AITOPUTMIYHHMX MPOOJIEM IS
aJICKBaTHOTO MOJICTIOBAHHS TMPEAMETHUX 00JlacTel 1 CTBOPEHHS MPOTPaMHUX Ta
1H(hOpMAaIIHHUX CUCTEM.

CK6. 3paTHICTh 110 CHUCTEMHOI'O MHMCIIEHHS, 3aCTOCYBaHHS METOAOJIOTI]
CUCTEMHOTO aHaJi3y JJIsl TOCHIPKEHHS CKJIaJHUX MPoOJieM Pi3HOT MPUPOIU, METOIIB
dbopmaizaiii Ta po3B’SA3yBaHHS CHUCTEMHHUX 3a7a4, [0 MAalOTh CYINEPEWIHUBI I,
HEBU3HAUYCHOCTI Ta PU3UKH.

CK 18. 3paTtHicTh po3po0dSTH W eKCIUTyaTyBaTH CIICLialibHE TMPOTPaMHE
3a0e3nedeHHs 17151 00’ €KTIB Ta MPOIIECIB a8POKOCMIYHOI TalTy3i.

OuikyBaHi pe3yJIbTATH HABYAHHS .

[TP1.3acTocoByBaTH 3HaHHS OCHOBHHX (DOPM 1 3aKOHIB aOCTPAKTHO-JIOTIYHOTO
MUCJIEHHSI, OCHOB METOJOJIOT1i HAyKOBOTO Mi3HaHHS, (POPM 1 METOJIB BUIYYEHHS,
aHami3zy, oOpoOku Ta cuHTE3y iHdopMmarlii B MpeaMeTHIH 00JacTi KOMITIOTEPHHUX
HayK.

[1P4. BuxopucToByBaTH METOAM OOYMCIIOBAIBHOTO I1HTENIEKTY, MAIIMHHOTO
HAaBUYaHHSA, HEHUpOMEpeKeBOI Ta HEWITKOI OOpOOKM JaHWX, TEHETUYHOTO Ta
CBOJIIOIIIHHOTO  TpPOTpaMyBaHHS  JIsi  PO3B’sA3aHHSA  3a7ad  pO3IMI3HABaHHSA,
MPOTHO3YBaHHs, Kiacudikailii, i1eHTudikaiii o0’ €KTIB KEpYBaHHS TOLIO.

[1P18. BuxonyBaTu po3poOKy 1HCTpyMEHTAJIbHUX 3ac00IB Ta MPOTPAMHOIO
3a0€3MeUeHHs] JJI YIPaBIIHHS CKJIAJIHUMU CHCTEMaMH Ta MPOIIECAMH Y peaTbHOMY
qaci.



IIpepexBizuTu:
OK4. Beryn 10 crieniaabHOCTI
OK7. CtBOpeHHs Bi3yanbHUX 1HTEp(]EiiciB
OKS. CtpykTypu 1anux
OK11. O6’ekTHO-Opi€EHTOBAaHE MPOrpaMyBaHHs
OK12. Mo611bH1 Ta XMapH1 TEXHOJIOT11
OK13. Beb-TexHouorii Ta Be0-qu3aiiy
OK15. TectyBaHHS NpOTrpaMHUX CUCTEM
OK?22. TexHoJIOT11 CHCTEMHOTO aHAITI3Y
OK25. MopentoBaHHs CHCTEM
OK26. Po3pobka 6a3 qaHux Ta 3HaHb
OK27. TexHooTisI CTBOPEHHS MIPOTPAMHUX MPOIYKTIB

KopexksizuTn:

OK35. IlpomucnoBa aBTOoMaru3anisi, BOyJIOBaHI CUCTEMHU PEAJbHOIO Yacy Ta
InTepuery-peueit

OK37. IunnomMHe MPOEKTyBaHHS

3. 3MicT HABYAJBLHOI AMCIUILIIHA

Moayas 1.

3micToBuit MoayJib 1. IHTeNeKTyaTi3alid NIPUIAHATTS PillleHb.

Tema 1. Berym a0 HaB4yaiabHOI AuCUMILVIIHM «CTBOpEHHSI CHCTEM
IITYYHOr0 iHTEJEeKTY Ta MAaIlMHHE HABYAHHA». Poib 1 3HAYEHHS ILITYYHOIO
IHTENIEKTY Ta MAIllMHHOTO HaB4aHHs. Micle IUCHUIUTIHM B HABYAJILHOMY IUIaHI.
Cnucok peKOMEeHI0BaHO1 JITepaTypH.

Tema 2. 3agaui npuitHATTA pilleHb y cKIaAHUX cucTtemax. Omnuc mpoiecy
npuitHATTS pimeHb. [{udpoBa Tpancdopmariis cBity. YCKIagHEHHS CHCTEM Ta
npouieciB. [leneryBannsa. KirouoBi crieHapii Ta Il BUKOPUCTAHHS TEXHOJIOT1H
PO3yMHUX MpocTopiB. Iligxoaw A0 NMpUHHATTSA pilmieHb. Bu3HaueHHS TpoOIEeMHOI
CUTYyallll Ta 3a/1a4l NPUUHATTA pimieHb. HopMaTUBHMI Ta JECKPUNITUBHUN MIAXOMIH.
dopMmanbHe MOJAHHS 3a7a4l NPUUHATTA pimieHb. Knacudikaiis 3amay npudHATTA
pimieHs. Tunu pimeHb

Tema 3. IITy4yHuii iHTeJIeKT: CTaH, NPO0JIeMHU Ta HANPAMKH. MucieHHs Ta
inTenekT. OcHoBHI nepemkoau crBoperHs L. [leaxi nanpsmku Al. Bym Al ta iforo
nepeayMoBU. PeBooniss y MITY4YHOMY 1HTENEKTi. MallMHHUIA 1HTEIEKT ChOTOJHI.
Mamunauii iHTenekT 3aBTpa. IIpobGnema manux. Pusuku, mos's3aHi 3 JIOACBKUM
dakTopoM. Pu3uk y po3BUTKY JIFOACHKO1 uBLMi3aIlii. OCHOBHI HANPSIMKU BUPIIIEHHS
3apnanpb 13 3acrocyBaHHsM IIII. Hampsmu pocmimxens LI, Texnomorii I, ski
3MiHIOOTH CBIT. LI mmst mpoGaem mranerapHoro macirady.



Tema 4. OcHoBHI noHATTA Ta 3aBaanHs Data Mining i Machine Learning.
[nTtenextyanpuuit anani3 ganux (Data Mining). 3aBganns Data Mining. OcoGauBocTi
cucreM Data Mining. Mamunae HaBuanHs. [llo moTpiOHe myisi MalIMHHOTO
HaB4YaHHs? MeTou MalllMHHOTO HaBYaHHS. 3aCTOCYBaHHS MAallIMHHOI'O HaBYaHHSI

Tema 5. Heilipomepexi B 3agayax npudHATTA PpimieHb. Jleski ramysi
3actocyBaHHsa. IITyunuii HelipoH. Xponosoris Heiipomepex. llITydHa HeillpoHHa
Mepexa. ['muboke HaBuanHs. HaBuanHs Helipomepexi. Helipomepexi mnpsmoro
NOLIMPEHH. 3araibHi PYHKIIT aKTHBAIII.

Tema 6. CyuacHi apxiTekTypu Heiipomepe:k. Pi3HOMaHITTS apXiTeKTyp.
Baxxnmusi tpenau. 3roptkoBi Helipomepeski CNN. Cxmanx CNN. Omepartisi 3ropTKH.
Omnepariss pooling. Inception, ResNet. PiznoBuam 3roptkoBux Mmepex. Fully-
convolutional networks. Deconvolution networks. PekypentHi netipomepexi RNN.
Anroputm Backpropagation through time. JloBra xopotkouacHa nam’satb LSTM.
Pi3HOBHIM peKypeHTHUX Mepex. MylnbTUMOAaIbHE HABYAHHS.

MoayabHUH KOHTPOJIb

Mopyas 2.

3microBuii Moay/iab 2. IlpakTHYHe BHKOPHCTAHHS METOMIB Ta 3ac00iB
IUTYYHOI0 iHTEJIEKTY Ta MAIIMHHOI0 HABYAHHS.

Tema /. CyudacHhi 6i0jioTeKi Ta ¢ppeiliMBOpPKH MAIIMHHOTO HABYAHHA

Oco0MMBOCTI CTBOPEHHSI Ta 3aCTOCYBAHHS CHCTEM Ta XMApHUX IaTdopm
MITYYHOTO 1HTEJIEKTY Ta MAIIMHHOTO HaBYaHHS B PI3HUX Tramy3sx. Peamizaiis
HEHpOHHUMX Mepex. HaiOinpm monyssipHi  ¢gpefimBopku.  Python ams ML,
VYHiBepcanbHi 010mioTeku Ta cepBicu. OO0poOka 3o00paxkeHs Ta Bigeo. OOpobOka
tekcTiB. Tensorflow. Keras. ABromarnune mamuHHe HaB4aHHs (AutoML).

Tema 8. Ananiz 1aHux Ha ocHOBI aepeB pimensb. JlepeBa pimens. [lepeBaru
Ta HEJIOJIIKU JIepeB pillieHb. AnroputMu nodyaosu aepes pimenb: D3, C4.5, CART.
3anexHICTh SKOCTI Bijg mmOuHM jaepeBa. Kommosuiis nepes. Bootstrap. Bagging.
Bunankosuii jic. bByctinr nepes. [epesa pimens 1 kinacudukanii. Jlepesa pimieHb
115t perpecii. Jlepea pimiens 3a gfonomoroto Scikit-Learn

Tema 9. AmnajiTuyHi pilleHHs1 32 [JA0NOMOIrO HEHPOHHUX Mepex.
3naiiomctBO 3 TensorFlow mmsg rmmbOokoro HaBuauHsg. APl mozeni TensorFlow.
Kopotkuit ormsin ekocucremu TensorFlow. [nctpymenTu. Mogeni ta Habopu JaHuX.
Posropranns mopgeni. OcHoBu TeH30piB. CTBOpPEHHS TEH30pa 3a JIOMOMOTOIO
tf.constant(). CTBopeHHs TeH30pa 3a monomororo tf.variable(). CTBopeHHs TeH30pa 3
icHytouux QyHkKIid. Bubip ganux y TeH3zopi. BukonanHs omepartiiii HaJ TEH30paMHU.
ManinymoBannst ¢opmoro TeH3opa. Bmemenns B perpecito 3 TensorFlow: 306ip
JAHUX; TEePerysa JaHWX; MAr0OTOBKA JaHUX JUIA MOJIEII; CTBOPSHHS, KOMITUIAIIS Ta
HaBYaHHS MOJIEJi; OIlIHKAa MOJIEN1; yIOCKOHAJICHHS Mojiesli. BBeneHHs B



knacudikaniro 3a gomnomororo TensorFlow. JIiiikoBa kmacudikamis. [lepexin Bin
OiHapHoro kiacudikaTopa 10 MYJIbTHKIAcOBOro kimacudikaropa: 10 momHHMX
kiacudikaropiB. Knacudikamis 3a gomomororo TensorFlow:30ip maHux; meperisi
JAHUX; TATOTOBKA JaHUX JUIS MOJIEJIl; CTBOPEHHS, KOMITUISIIIS Ta HaBYaHHS MOJCIII,
OIlIHKA MOJEJi; KEpyBaHHS HAaBYaHHSIM 3a JOIOMOIOI0 3BOPOTHUX BHUKIIHKIB;
yaockoHajaeHHs Mojieni. Bukopucranus TensorBoard ms Bizyanizaiiii mojaeni

Tema 10. Kuaacrepizamis aganmx Ha ocHoOBi Heilipomepesxk. Illo Take
Unsupervised Learning? Habip naHux JUIss HEKOHTPOJHOBAHOTO HAaBYaHHS.
ANTOPUTMH HEKOHTPOJBOBAaHOrO HaB4yaHHA. Ausroputm K-means. 3acTocyBaHHs
Unsupervised Learning.

Tema 11. Oco0sMBoOCTI BUpilIeHHs 3aBAaHb KOMII'IOTEPHOro 30py. Beryn
JI0 KOMIT'FOTEPHOTO 30py Ta 3ropTkoBux HeWpoHHux Mmepexk (CNN). Ilo Take
3ropTKOB1 HEMpOHHI Mepexi? TumoBa apXiTeKTypa 3ropTKOBUX HEMPOHHUX MEPEX.
Konysanusa ConvNets: kinacugikaiiss 300pakeHb: 3aBaHTAXEHHs JAHUX; MEPerJisia
JTAHUX; MIJTOTOBKA JAHUX JUIsl MOJIEIIl; CTBOPEHHSI, KOMITUIALIS Ta HaBYaHHS MOJIENI;
Bi3yaurizallisl pe3yJIbTaTiB MOJIE1; OIlIHKAa MOJIeI1; TTOKpaIeHHsS MOJIE1; 30epeKeHHS
ta 3aBaHTaxeHHA. CNN 11 HaOOpy MAaHHX peaJbHOTO CBITY Ta JIOIIOBHEHHS
300paxenb. JlomoBHeHHs 300pakeHb 3a jgonomororo ImageDataGenerator.
JloroBHEHHST 300pa)k€HHS 3a JOIMOMOTrOK0 IIapiB JOMOBHEHHsS 300pakeHHs Keras.
Apxitektypu CNN 1 tpancdeprne HaBuaHHs. [IIBuaka kmacugikamis 300pakeHb Ha
NONEePeIHbO MIATOTOBIEHINM Mojeni. TpaHncdepHe HaBUaHHS Ta TOHKE HAJIAIITYBaHHS
Ha mnpaktuul. Krmacudikamis 300pakeHp 1 HaBYaHHS nepedadl 3a JOIMOMOIOIO
TensorFlow Hub.

Tema 12. OcobsmBocTi BupilieHHs 3aBAaHb 00poOku TekcTy. Berynm mo
pexypeHTHuXx HeripoHHHX Mepexxk (RNN). RNN Ha mpaktwir, aHami3 HAcTpoiB Y
birTbMax: OTpUMaHHS JTaHUX; MIATOTOBKA JIAaHKUX; TT00Y10Ba, KOMIILJIALIS Ta HAaBYaHHS
moxeni RNN; Bizyanizariisi pe3ynbratiB Mojiesi. BeTyn 10 JOBroCTpOKOBHX CITOTA/IB.
LSTM na npaktuili, knacudikaiisi HOBUH: OTPUMaHHS JaHUX; IIJTOTOBKA JIaHUX;
nobynoBa Ta HaB4yaHHsS wMoxaeni RNN; Bigyamizamis pe3ynbTaTiB  MOJEIIL;
BUKOpUCTaHHA cTekoBaHMX LSTM; Bukopuctranus pexkyppeHtHoro moxayis (GRU).
BukopuctanHs 3ropTKOBUX HEMPOHHUX MEPEXK I Kiiacu(ikailii TeKCTiB

Tema 13. Hapuanns 3 minkpiniennsim. Beryn no Reinforcement Learning.
Berynm ma OpenAl gym. Ilpocta XopcTko 3akoioBaHa TmojiTuka. I[lomiTuku
HEHPOHHUX Mepex. ['pamieHTH noMiTUKU. MapKOBCHKUNA MPOLEC MPUUHATTS PIlICHb.
Q-Value. Q-Learning. Deep Q-Network

Tema 14. 3aki04Ha JeKLis.
Tpennu Ta MepCHeKTUBH PO3BUTKY METOJIIB IITYYHOTO 1HTENEKTY Ta Machine
Learning.



MoayJbHHH KOHTPOJIb

4. CTpyKTypa HaBYAJIbHOI JUCHMILIIHA

KinpkicTs roguu

Ha3Bu 3MiCTOBHUX MOJYJIB 1 TEM

yChOTO y TOMY YHCII
1 n | Jab | c.p.
1 2 3 4 5 6
Moayans 1
3micToBuii Mmoay.b 1. IHTeeKkTya i3aniss NPUUHATTS pPillIecHb
1. Beryn g0 HaB4YaneHOT aucturutiai « CTBOpEHHS 2 2 - - -
CHCTEM IITYYHOTO IHTEJICKTY Ta MalllMHHE
HaBYAHHS
2. 3aavi IPUIHSATTS PIIIEHb Y CKJIATHUX CUCTEMAaX. 6 2 - - 4
3. HlTy4yHuii iHTENEKT: cTaH, MpoOIeMH Ta 8 2 - - 6
HaIPSMKH.
4. OcHOBHI MOHATTA Ta 3aBaaHHsA Data Mining i 14 2 - 4 8
Machine Learning.
5. Helipomepexi B 3a1a4ax NPUHHATTS PIlICHb. 12 2 - 4 6
6. CydacHi apXiTeKTypHu HEHPOMEPEK. 11 4 - - 7
Moay/abHHH KOHTPOJIb 1 1 - - -
Pa3oM 3a 3MicTOBHUM MoayJieM | 54 15 - 8 31
Ycnoro rognn 54 15 - 8 31
MoayJsb 2

3micToBuii Moay.b 2. IlpakTHYHE BUKOPUCTAHHA METO/IB Ta 3aC00iB
IITYYHOrO iHTEJEKTY TA MAIIUHHOTO0 HABYAHHS

7. Cy4acHi 616110TeK1 Ta ppelMBOPKH MAILTUHHOTO 6 2 i i 4

HaBYaHHSI.

8. AHayi3 JaHuX Ha OCHOBI JIEPEB PIillICHb. 10 2 - 4 4

9. AHaniTUYHI pillIEeHHS 3a JOITOMOI'0I0 HEMPOHHUX 14 2 i 4 8

MEpEK.

10. Knacrepi3ailist JaHUX Ha OCHOB1 HEHPOMEPExX 10 2 - 4 4

11. OcobnuBOCTI BUpILIEHHS 3aBJJaHb 14 2 i 4 8

KOMIT FOTEPHOT0 30py

12. OcobmuBOCTI BUpILICHHS 3aBIaHh 0OPOOKH 18 2 i 3 8

TEKCTY

13. HaB4yaHH$ 3 NiAKPITUIEHHSAM 6 2 - - 4

14. 3axiroyHa Jexiis 2 2 - - -

Mopy/IbHUH KOHTPOJIb 1 1 - - -

Pa3oM 3a 3MICTOBHMM MOJyJieM 2 81 17 - 24 40

Ycboro roqun 81 17 - 24 40

Y cboro 3 IUCHHUILIIHA 135 32 - 32 71




5. Temu ceMiHAPCHKHMX 3aHATH

Ne o
3/ Ha3sa temu KinpkicThb IroauH
1 He HCpCI[63‘I€HO HaB4YaJIbHUM I1JIaHOM
Pazom
6. Temn NpakTUYHUX 3aHATH
Ne L
HazBa temn KinpkicTs roguH
3/m
1 He nepen0ayeHo HaBYAJIbHUM [IJIAHOM
Pazom
7. Temu 1a00paATOPHUX 3AHATH
Ne o
3/ Ha3Ba temu KinpkicTh TOANH
1 | PoGora c nanumu y Machine Learning, 06pobka ta 4
Bi3yauizamis Ha Python
2 | JepeBa pimens 3a gnonomoroto Scikit-Learn. 4
Knacudikamist Ta perpecis
3 | Beryn g0 mITy4HHX HEHPOHHUX MEPEXK 1 TTHOOKOTO 4
HaBuanHs. Kiacudikaris ta perpecis
4 | BupinieHHs 3aB/IaHb KOMIT FOTEPHOTO 30pY 32 JIOTIOMOT 00 4
HEHPOHHUX MEpex
5 | Po3mizHaBanHs 00’ €KTIB Ta 00IHYb 3 Web-kamepH 3a 4
JIONIOMOT 00 MONEepeHbO HABYEHOT MOAET1
6 | BupimenHs 3aBnanb 0OpoOKH MPUPOJTHOTO TEKCTY. 4
Yactuna 1
7 | BupimenHns 3aBianb 00pOOKH MTPUPOTHOTO TEKCTY. 4
Yactuna 2
8 | HaBuanns 6e3 Buntens. Kimacrepizaris 4
Pazom 32
8. Camocriiina pobdora
Ne .
S/ Ha3zBa Temn KinpkicTs roguH
1 | Tema 1. Meronu Ta MoJieNi MPUHHATTS pillieHb 4
2 | Tema 2. CyyacHi TOCSTHEHHS IITY4YHOTO 1HTEJIEKTY 6
3 | Tema 3. Meronu DataMining 8
4 | Tema 4. XmapHi miatGopMu ITYYHOTO IHTEIEKTY 6
5 | Tema 5. AutoML 7
6 | Tema 6. CyuacHi apXiTeKTypH HEHpOMepex 4
7 | Tema 7. BunaakoBuii jtic Ta OyCTiHT 4




S/ Hassa temn Kinekicts rogua
8 | Tema 8. ['enepatuBHUI IITYYHUH IHTETIEKT 8
0 Tema 9. PexoMeHmaliligi cUCTEMHA 4
10 | Tema 10. Po3mizHaBaHHs 00JHUYb Ta 00’ €KTIB 8
Tema 11. CydacHi apxiTeKTypH HEHpOMepexK s 3aBJaHb 8
00pOOKH MPUPOTHHOI MOBU
Tema 12. HaBuaHHs 3 MAKPITUICHHSM TP YIPaBIiHHI 4
ABTOHOMHUMH poOOTaMH
Pa3zom 71

9. InauBiAyabHi 3aBIaHHS
He nepenbaueHo HaBUabHUM TIAHOM.

10. MeToau HaBYaAHHSA

[IpoBeneHHs JeKUild, NOpe3eHTauli, Ja0OpaTOPHUX 3aHATh, 1HJWBIAYyalIbHI
KOHCYJIbTAIlll 3 MUTaHb HOBOTO MaTepialy, caMOCTiHa poOoTa 3/1100yBayiB BHUIIO]

OCBITH.

11. MeToau KOHTPOJIIO

3naya 1abopatopHuX poOIT, MOAYILHUN KOHTPOJb, ICITUT.

12. Kpurepii ouiHioBaHHS Ta po3mojaii 6aJiB, iki OTPUMMYIOTh CTYI€HTH

Posnonin OaniB, siKi OTpUMYIOTH 3700yBauiB BHINOi OCBITH (KUIBKICHI

KpUTEPii OLIIHIOBAHHS)

CkJitaziosi banu 3a oque KijIbKicTh 3aHATH
HaBYaJIbHOI 3aHITTA
PoGotu

CymapHa KUTbKICTh
OaiB

Mopyns 1

Bukonanns 1 0..9 2
3aXHCT
71a00paTOPHUX
pooIT

0..18

MonaynbHuit 0...14 1
KOHTPOJIb

Monyns 2

Buxonanus i 0...9 6
3aXHCT
1a00paTOPHUX
pooIT

0..54
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MonyneHuit 0...14 1 0...14
KOHTPOJIb

Ycboro 3a cemecTp 0...100

3 MEeTOI aKkTHuBi3allli ayJUTOPHOI Ta CaMOCTIHHOI poOOTH 3100yBaviB BUIIOI
OCBITH pO3pO0JICHO Mpe3eHTAallll JIeKIiH, IHTepaKTHBHI JabopaTtopHi podoTn B Google
Colab, a Ttakox HaOopu TecTiB JjIs oOprasizaiii €JIEKTPOHHOIO HaBYaHHS Ta
MOAYJIBHOTO KOHTPOJIIO.

CemMecTpoBUli KOHTPOJIb (ICIIUT) MPOBOAUTHCS Yy pa3l BIAMOBH 3700yBaua
BUIIOT OCBITH BiJ OaliB TOTOYHOTO TECTYBAHHS i 32 HAABHOCTI IOMYCKY JIO iCITUTY.
[Tig yac ckiamaHHsS CEMECTPOBOTO ICIUTY CTYACHT Ma€ MOJIHMBICTH OTPHUMATU
makcumyMm 100 Gais.

biner nis icnuTy CKIagaeThes 3 2 TEOPETUYHUX 3alUTaHb Ta | MPAKTHYHOTO
3aBlaHHA. 3a TOBHY IpaBWJIbHY BIAMNOBIAb HA JBa MNEPIIMX 3alUTaHHS 3700yBad
BUIIOT OCBITH oTpuMye 1o 30 GaniB. 3a MOBHY NMpaBUJIbHY BIAMOBIAb HA TIPAKTUYHE
3aBnanusa — 40 OaiB.

HeoOxiguuii o0cAT 3HaHb I OJep KaHHs TO3UTUBHOI OIIHKHU:

— OCHOBHI MOHATTS IHTENEKTyali3alii MPUHHATTS PIIICHb;

— OCHOBHI METOJY MPUUHATTS PILIEHBb 32 JOIMOMOIOI0 MITYYHOTO 1HTEIEKTY, YMOBHU
3aCTOCYBaHHS 1 MPaKTUYH1 OOMEKEHHS,

— OCHOBHI TIOHSITTS IHTEJIEKTYaJIbHOTO aHai3y nanux ta meronu Data Mining;

— OCHOBHI MOHATTS Ta MOJIEJI1 MAIlIMHHOTO HAaBYAaHHS.

HeoOxignuii 006csAT BMiHb AJISI OJIepKaHHS MO3UTUBHOI OIIHKU:

— MPaKTUYHO  BHUKOPHUCTOBYBATH  METOAW  NPHAHATTS  pIllICHb  JUIA
OaraTokpuTepialbHUX 3a/1a4 B yMOBaX HEBU3HAUCHOCTI,

— TIPOBOJUTH aHATI3 OTPUMAHHMX PE3YJbTATIB 3 METOI iXHBOTO IPAKTUIHOTO
3aCTOCYBaHHS JUIsl KOHKPETHOI MPEMETHOT 00J1acTi;

— TMPaKTUYHO BUKOPUCTOBYBATH METOJIM MAIIMHHOTO HAaBUYAHHSA, MaKeTH 1 010T10TeKH
porpam Ta iICHYIOUHU MIaTGOPMHU MTYYHOTO 1HTEICKTY.

Kpurepii ouiHroBanHst po00oTH 3100yBa4iB MPOTATOM CeMeCTpPy

3apoBiibHO (60-74). Matu MiHIMYM 3HaHb Ta yMiHb. BimmpaioBatu Ta
3aXMCTUTU BCl JlabopatopHi poOoTu. Bwmitu camocTiiiHo (opmynoBaTu i
BUpPILIYBaTH 3aJadl 3 BUKOPUCTAHHSM METOIB TEOpii MPUUHSATTS pillleHb. 3HATH
OCHOBHI METOJM MAIlTMHHOTO HaBYaHHS, YMOBH iXHBOTO 3aCTOCYBaHHS 1 MPaKTHYHI
OOMEKEHHH.

Hoope (75-89). Matu jgocraTHid piBeHb 3HaHbL 3 METOJIIB Ta MOJEJCH
MITYYHOTO IHTEJIEKTY Ta MAIlIMHHOTO HaBYaHHs. [loka3aTH BMIHHS BHKOHYBAaTH Ta
3axXWIaTd BCl J1abopatopHi poboTH B OOYMOBJICHUN BHUKIAgadeM CTPOK, 3
OOTpYHTYBaHHSIM pIllieHb Ta 3axoJliB, $KI 3alpoloHOBaHI y poborax. Bwmitu
JETAThHO TIOSICHIOBATH OTPHMMAaHI aHANITAYHI PE3yJNbTaTd 3 METOK I1XHBOTO
MPAKTUYHOTO 3aCTOCYBaHHS JJIi KOHKPETHOI MpeIAMeTHOi obmacti. 3HaTH Ta
BUKOPUCTOBYBATH 010J110TEeKH Ta (HPEHMBOPKU MAITUHHOTO HABYAHHS.

Bigminno (90-100). IloBHO 3HATH OCHOBHMH Ta IOAATKOBHMH Martepiai.
JleTanpbHO 3HATH YCI TeMHU TUCHUILIIHU. BMmiTH dopmMymnroBaTu 1 BUpinIyBaTy 3aadi
3  BUKOPUCTAaHHSAM  METOJIIB MAIIMHHOTO HAaBYaHHI. BMITH  IPaKTHYHO
BUKOPUCTOBYBATH METOJIM MAIIMHHOTO HABYAHHS, MTAKETH 1 O10J110TEKH Mporpam Ta

11




ICHYyIOUM TUIaTGOPMH  IITYYHOTO 1HTEIEKTy. be3noMHUIKOBO BHKOHYBaTH Ta
3axUIIaTd BCl JlabopaTopHi poOOTH B OOYMOBIEHHH BHKJIaJadeM CTPOK 3
JOKJIATHUM OOTPYHTYBAHHSM PIIICHb Ta 3aX0/I1B, SIK1 3alPOIIOHOBAHO Yy pOOOTaX.

IlIkaJia ouiHOBaHHA: 0aJIbHA | TPAAUIiHA

OrmiHka 3a HaI[lOHAIBHOIO IIKAIOI0
Cyma banis Iciut, nudepenmiiioBanuii 3ajik, KypcoBa Jatix
poboTta
90-100 Bigminao
75-89 Hlobpe 3apaxoBaHO
60-74 3a10BIIIBHO
0-59 HeszanoBinpHO He 3apaxoBaHo

13. MeToauune 3a0e3ne4eHHA

1. Kommiekc HaBYAIILHO-METOIUYHOTO 3a0€e31eyeHHsA JUCITUILIIHH;
Npe3eHTalliHI MaTepianiu; 1HTEpPaKTUBHI nabopaTopHI poboTu
(https://mentor.khai.edu/course/view.php?id=8418).

14. Pexomen0BaHa JiiTepaTypa

ba3oBa

1. Kepon O. IIpuknagHe MalMHHE HaBYaHHS 3a qormomororo Scikit-Learn,
Keras 1 TensorFlow konmemiiii, IHCTpPYMEHTH 1 TEXHIKH IS CTBOPEHHS
IHTEJIEKTyaJIbHUX cucTeM 2-¢ Bu., 2020 — 1000 c.

2.  Alpaydin E. Introduction to Machine Learning // MIT Press, 2020 —
321 c.

3. Russell S.J., Norvig P. Artificial Intelligence: A Modern Approach //
Prentice Hall, 4th US ed., 2020 — 1166 p.

JlonomizxkHa
1.  Aggarwal C.C. Linear Algebra and Optimization for Machine Learning
Il Springer, 2020 — 517 c.
2.  Trappenberg T., Fundamentals of Machine Learning // Oxford
University Press, 2020 — 272 c.
3. Jung A. Machine Learning: The Basics (Machine Learning: Foundations,
Methodologies, and Applications) // Springer, 2020 — 229 c.
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15. Indopmaniiini pecypcu

Mining of Massive Datasets Stanford University. //The Stanford InfoLab.
URL: http://i.stanford.edu/~ullman/mmds/book.pdf
UCI Knowledge Discovery in Databases Archive // http://kdd.ics.uci.edu/

3. ®dpeitmBopk TensorFlow // https://www.tensorflow.org/
4. Kaggle: Your Machine Learning and Data Science Community //

© N o O

https://www.kaggle.com
Haracern // https://www.kaggle.com/datasets
Jaracern // https://datasetsearch.research.google.com/

Haracern // https://www.tensorflow.org/datasets/catalog/overview#all datasets

HataceTu // https://console.cloud.google.com/marketplace/browse
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